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My father was a self-taught mandolin
player. He was one of the best string
instrument players in our town. He could
not read music, but if he heard a tune a
few times, he could play it. When he was
younger, he was a member of a small
country music band. They would play at
local dances and on a few occasions would
play for the local radio station.
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The Pew research Center’s latest survey
shows that more Americans are sympathetic
to China. The survey, published on
Tuesday, found that 44% per cent of
Americans were comfortable with China,
up from 37% per cent a year earlier. The rise
in US sensitivity to China was partly due to
their concern about the economic threat from
China, according to the survey.

Google FlI1¥

The latest survey by the Pew Research Center
shows that more Americans have a good
impression of China. The survey on Tuesday
revealed that 44 percent of Americans had
a good impression of China, up from 37
percent a year ago. Investigations say the rise
in Americans’ appetite for China is partly due
to lower concerns about the economic threat
from China.
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According to a recent study by the Pugh
Research Center, more Americans are
interested in china. The survey, released
on Tuesday, found that 44% of Americans
have a favorable impression of China, an
increase of more than a year ago of 37%. The
survey says the rise in American sentiment
in China is in part due to concerns about the
economic threat from china.
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More people in the US have favorable
views of China, according to the latest
survey by the Pew Research Center. The
survey released last Tuesday finds that 44%
of Americans have a favorable opinion of
China, up from 37% a year ago. It describes
the growth in positive ratings for China
as partly due to declining concerns about
economic threats from China.
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OpenNMT. An Open-source Neural Machine Translation
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